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Abstract
In the recent time, there has been increasing importance of tourism development to 
the global economic dynamics inspite of the global uncertainties. In this regard, the 
current study is aimed to find out if the volatility index (VIX) affects the returns of 
the firms operating in the tourism sector in 11 countries. The relationship between 
the variables in the study was tested through causality and cointegration tests. As a 
result, the change in the VIX was found to have causality towards the change in the 
tourism indices of the countries except for the USA and Sri Lanka. In addition, it 
was found that there was a long-term relationship between the variables and that the 
increase in VIX caused a decrease in the return of tourism indices. Hence, the cur-
rent study offers significant policy direction for the tourism industry operations and 
the government of the examined destination countries.
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1 Introduction

The fact that the world is becoming a global village day by day increases the 
dependence of countries at the universal level (Koçel 2018). The increase in the 
globalization has accelerated the transition of physical goods among countries 
as well as the flow of capital. The transition of capital from highly developed 
countries to underdeveloped or developing countries increases financial integra-
tion among countries. This increase also raises the influencing rates of the crisis 
arising in these counties in other countries (Kula and Baykut 2017; Alola et al. 
2019a, b; Alola and Uzuner 2019). It could be said that the integration in finan-
cial markets has some negative effects as well as positive ones.

According to the literature regarding finance, any volatility resulting from a 
negative situation in a country affects both the host country and the other coun-
tries with which the host country has achieved integration. This interaction which 
arises in stock markets uncovers the effects caused by the volatility spread (Wang 
2007: 798). The Mexican crisis in 1994, the Asian Crisis in 1997, and the US 
crisis between 1999 and 2002 could be given as good examples of volatility-spill-
over. During the crisis periods, unexpected fluctuations were observed in the mar-
kets in the US, European countries and Japan. It was stated that the crisis caused 
by these fluctuations stemmed from the spreading effect of risks (Hassan et  al. 
2003: 64).

Financial risk is defined as the deviations in the financial plan and objectives 
of the institutions because of some reasons (Emhan 2009: 210). Risk, which is 
the main building block in investment-related decisions, is also one of the com-
plex and difficult issues to handle. This situation divides investors into three dif-
ferent groups as risk-averse, those unresponsive to risks and those not afraid of 
taking risks (Başoğlu et al. 2009: 198). One of the basic issues that measures the 
risk dimensions of investors and that leads their preferences is the VIX volatility 
index. The graph of the VIX index between 2000 and 2018 is as follows along 
with some important events in this process (Fig. 1).

The Volatility Index was first calculated in 1993 by the Chicago Board Options 
Exchange (CBOE) to measure market volatility (Xin 2011: 1). The index is cal-
culated based on the difference between the option purchase and option sale of 
the shares (Fountain et  al. 2008: 469). As the purchasing and selling prices get 
closer to one another, the value of the index decreases. The index is determined 
by the investors, and it expresses the consensus on the volatility of the stock 
exchange within the next 30 days. The market volatility index (VIX) is also called 
the investor fear indicator. The higher the VIX is, the greater the fear is (Whaley 
2000: 12). VIX index is called implied volatility in some research (Korkmaz and 
Çevik 2009; Kaya 2015). In some research (Erdoğdu and Baykut 2016; Kula and 
Baykut 2017; İskenderoğlu and Akdağ 2018), VIX is used as a fear index.

Considering the previous studies of the concept of VIX index, it could be said 
that various countries have influenced the stock indices of other countries. Sarwar 
(2012) concluded that the VIX index had negative effects on the stock indices 
of the US, China, Brazil and India. Ozair (2014) found a two-way relationship 
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between the S and P500 index and VIX. Chen et  al. (2017) concluded that the 
volatility in the markets of Germany, France, Japan, the Eurozone, Hongkong and 
the UK had negative effects on the Shanghai index together with the VIX index.

Huang and Wang (2017) concluded that there is a strong relationship between 
the VIX index and the Taiwan stock exchange. Sarwar and Khan (2017) equally 
maintained that the VIX index had negative impacts on the shares of Latin Amer-
ican countries in all time periods. Unlike the aforementioned studies, Heinonen 
(2013) could not find out any relationship between the VIX index and S and 
P500. However, it was found that investors were sensitive to any increase in VIX. 
It could be said that the VIX index has direct and indirect impacts on the returns 
of the countries’ stocks.

The literature review suggests that a limited number of studies examining the 
relationship between the tourism indices and the VIX index are available (Beeton 
2001; Sarwar 2002; Perles-Ribes et al. 2016; Bilen et al. 2017; Demir et al. 2017; 
Demir and Ersan 2018). In line with these available studies, this study aimed to 
find out the effects of the VIX index, which is also known as the global risk appe-
tite, on the gainings of tourism indices.

Following the review of the relevant literature (Beeton 2001; Sarwar 2002, 
2012; Heinonen 2013; Ozair 2014; Perles-Ribes et  al. 2016; Bilen et  al. 2017; 
Chen et  al. 2017; Demir et  al. 2017; Sarwar and Khan 2017; Huang and Wang 
2017; Demir and Ersan 2018) the following models and hypotheses were devel-
oped for testing in the study (Fig. 2).

The countries examined within the scope of tourism indices are United States, 
China, Italy, Spain, Turkey, Sweden, Greece, Denmark, Sri Lanka, Sweden and 
the United Kingdom (Akadiri et  al. 2018; Alola and Alola 2018, 2019; Saint 
Akadiri et al. 2019)
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Fig. 1  The historical trend of volatility index
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H1 There is a causal relationship from the change in the VIX fear index towards the 
return of tourism indices.

H2 There is permanent causality from the change in the VIX fear index towards the 
returns of tourism indices.

H3 There is a long-term relationship between the VIX fear index and tourism 
indices.

The study is expected to make a valuable contribution to the relevant literature 
as it has revealed the effect of the VIX fear index on the tourism sector and also 
revealed whether the causality relationship between the variables is permanent or 
temporary. In this context, the study consists of five sections. In the first section, 
information about VIX fear index is given and the studies in the literature regarding 
the relationship between VIX and stock market indices are summarized. In the sec-
ond section, information about the data and methodology used in the study is given, 
and in the third section the findings obtained from the relevant analysis are given. 
In the fourth and the final section, the findings of the analysis were interpreted and 
relevant suggestions are provided accordingly.

2  Data and methodology

In this study, the daily data of the tourism indices of 11 countries were used with 
VIX between January 1, 2013, and December 31, 2017. A total of 1090 observations 
were done for the analysis. Spain, USA, China, Italy, Turkey, Britain, Sweden, Den-
mark, Finland, Sri Lanka and Greece were examined within the scope of the study 
as they were the countries whose 2017 tourism indices were available (www.turiz 
mdata bank.com 12.12.2018). The data collection in the study was limited to these 
11 countries as no data regarding the tourism index of other countries was available. 
In the next part of the study, the names of the countries were used instead of the 
index name in order to avoid confusion due to the similarity. Relevant countries and 
their tourism indices are given in Table 1.

H1: (Causality Relationship)

H2:(Permanent Causality Relationship)

H3: (Long-term Relationship)

VIX Fear 

Index

Returns of 

Tourism 

Indices

Fig. 2  Research model

http://www.turizmdatabank.com
http://www.turizmdatabank.com
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The data from 11 countries VIX were taken from the Chicago Board Options 
Exchange website, and the tourism index data of the countries included in the analy-
sis were obtained from the website of CNBC-E, Bloomberg and Investing news por-
tals (www.cboe.com, 7 April 2018; www.cnbc.com, 8 June 2018; www.bloom bergh 
t, 2 June 2018; www.inves ting.com, 2 June 2018).

In this study, the data were first analyzed with the use of Dickey–Fuller (ADF), 
Philips and Perron tests for unit root and static tests. Then, the Granger (1969) cau-
sality test and the causality test which was developed by Breitung and Candelon 
(2006) based on VAR model and measured based on the frequency distribution 
among variables, were used in the study. Thus, it was aimed to find out whether the 
causality between the variables that could not be revealed by Granger (1969) causal-
ity test exists in the short, medium and long term.

One of the pioneering studies using static data in the analysis conducted with the 
use of macroeconomic data is the study of Yule (1926). It was found that the prob-
lem of false regression may occur in the analysis of non-static data sets (Granger and 
Newbold 1974). Nelson and Plosser (1982) stated that standard statistical methods 
could not be used in non-static time series. Therefore, the data used in the analyzes 
to be performed by traditional methods need to static. Traditional unit root tests com-
monly used to find out whether the data sets are static are Dickey and Fuller (1981) 
developed by Dickey–Fuller (ADF), Phillips and Perron (1988) developed by Philips 
Perron (PP) and the Phillips, Schmidt and Shin (KPSS) test developed by Philips 
Perron (PP) and Kwiatkowski et al. (1992). The ADF test is based on the assump-
tion that error terms have a constant variance and are statistically independent (Aste-
riou and Hall 2011: 345). The PP test has weaker assumptions than the ADF unit 
root test and is generally considered to be more reliable (Fabozzi et al. 2014: 197). 
The zero hypothesis established in the KPSS unit root test is different from the ADF 
and PP unit root tests. The alternative hypothesis in which null hypothesis series are 
static in the KPSS test reveals that the series is not static; in other words, one of the 
series is the root (Sevüktekin and Nargeleçekenler 2007:362).

The Granger Causality test, which could be performed on static data sets, is based 
on testing whether there is a two-way or one-way relationship between the two data 
sets. Causality in the Granger (1969) test, for predictions regarding Y, is expressed 
for the situation in which the past values of X are used are expressed as the measure-
ment of the past values of X compared to the situation where the past values are not 

Table 1  Countries and their tourism indices included in the analysis

Countries Indices Countries Indices

China FTSE China Travel and Leisure Denmark Kopenhag Travel and Leisure
Finland Helsinki Travel and Leisure Greece FTSE Travel and Leisure
Italia FTSE Italia Travel and Leisure Spain BCN 5 Spain Leisure and Tourism
Sri Lanka Sri Lanka Hotels and Tourism Swedish Stockholm Travel and Leisure
Turkey BIST Turizm UK FTSE All Travel and Leisure
USA Dow Jones Travel and Tourism

http://www.cboe.com
http://www.cnbc.com
http://www.bloomberght
http://www.bloomberght
http://www.investing.com
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used. According to Granger (1988), if the use of past values makes more successful 
predictions, X, Y could be concluded to be the cause for Granger. Measurements in 
the relevant test are performed with F and Wald tests. According to this, four dif-
ferent results could be obtained with Granger Causality test. These are the results 
suggesting that X is the granger cause of Y or vice versa, that X is the granger cause 
of X, or that X and Y are bidirectional Granger causes of each other. The causality 
analysis developed in the Granger (1969) includes the estimation of the following 
VAR model for two static series (Asteriou and Hall 2011: 322).

It is assumed that the error terms (�t) of x and y in the equation do not relate to 
each other. When the model is solved, four different results are obtained (Asteriou 
and Hall 2011: 323).

1. The delayed xt values in Eq. (1) may be statistically different from zero in groups. 
However, the delayed yt values in Eq. (2) may not be statistically different from 
zero. In this case, xt is the Granger cause of xt.

2. The delayed yt values in Eq. (2) can be statistically different from zero in groups. 
However, the delayed xt values in Eq. (1) may not be statistically different from 
zero. In this case, yt is the Granger cause of xt.

3. When xt and yt values in Eqs. (1) and (2) are statistically different from zero, there 
is bidirectional causality.

4. If the delayed xt and yt values in Eqs. (1) and (2) are not statistically different from 
zero, then there is no causality.

When this process is considered, the Granger Causality test may give some con-
clusions about the causality between the series, but the Wald and F tests used in 
the method and the content may ignore short-term relationships while revealing 
the long-term relationship. In order to solve this problem, Geweke (1982), Hosoya 
(1991) and Yao and Hosoya (2000) have suggested the causality measurement of 
frequencies based on the separation of spectral density functions. Frequency causal-
ity is preferred because Granger causation is an easily applicable model because it 
allows evaluation at different frequencies and is based on linear constraints (Yanfeng 
2013: 58). The spectral density function, which is the basis of frequency causality, 
can be expressed by the following equation (Kratschell and Schmidt 2012: 10).

(1)yt = a1 +

n∑
i=1

�ixt−i +

m∑
j=1

�iyt−j + �1t

(2)xt = a2 +

n∑
i=1

�ixt−i +

m∑
j=1

�iyt−j + �2t

(3)fx(�) =
1

2�

{|||�11

(
e−i�

)|||
2

+
|||�12

(
e−i�

)|||
2
}
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However, the problem of using the F-test in the application of the relevant tests 
was solved by the application of the proposed linear limitations as suggested by 
Breitung and Candelon (2006). While Granger Causality test examines a single test 
statistic for the variables included in the analysis, nonlinear causality analysis is per-
formed with Frequency Causality test. Granger causality at different frequencies is 
expressed by the following equation by Geweke (1982) and Hosoya (1991):

According to the equation, if ||�12(e
−i�)|| = 0, there will be no causality from y 

variable to x variable at any ω frequency (Ciner 2011, 500). Breitung and Candelon 
(2006) suggest a new method to test the null hypothesis suggesting that there is no 
causality in the study. If My→x(�) = 0 , ||�12(e

−i�)|| = 0,the following equation is 
used;

g22 refers to the lower diagonal elements of the matrix G−1 , |�(L)| is the determinant 
of �(L) . In this case, the hypothesis that “y” is not the cause of “x” at “ � ” could be 
tested by the following equation (Bodart and Candelon 2009: 143).

As �12,k and �k’nin (1,2) elements are indicated, |||�12

(
e−i�

)||| = 0 is the sufficient 
condition as it indicates “ y ” is the cause of “ x ” at “ � ” frequency. The model pro-
posed by Breitung and Candelon (2006) is based on the following linear constraints.

If the notations under these constraints are simplified as �j = �11,j and �j = �12,j , 
then the equality of VAR for xt could be written as follows:

Thus, since the hypothesis My→x(�) = 0 is equivalent to linear constraints, the 
hypothesis H0 could be established as follows.

H0:R(�)� = 0 (� = [�1,… , �p]
�) R(�) could be calculated by the following 

equation.

(4)My→x(�) = log

⎡
⎢⎢⎢⎣

2�fx(�)

����11

�
e−i�

����
2

⎤
⎥⎥⎥⎦
= log

⎡
⎢⎢⎢⎣
1 +

����12

�
e−i�

����
2

����11

�
e−i�

����
2

⎤
⎥⎥⎥⎦

(5)� (L) = �(L)−1G−1 ve �12(L) = −
g22�12(L)

|�(L)|

(6)
|||�12

(
e−i�

)||| =
|||||

p∑
k=1

�12,k cos (k�) −

p∑
k=1

�12,k sin (k�)i
|||||
= 0

(7)
p∑

k=1

�12,k cos (k�) = 0

(8)
p∑

k=1

�12,k sin (kω) = 0

(9)xt = �1xt−1 +⋯ + �pxt−p + �1yt−1 +⋯ + �pyt−p + �1t
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As � ∈ (0,�) is the test method (2, T − 2p), is the degree of freedom, and as it has 
F- distribution  H0:R(�)� = 0 , the causality could be tested by standard F test.

Cointegration analyzes are used to determine if at least two variables are in long-
term equilibrium or not (Gujarati and Porter 2012: 762). In order to carry out coin-
tegration analysis, series should not be static and should be integrated in the same 
degree. Cointegration analysis is not performed in the non-static series. The error 
terms must be static for the cointegration between the two series. If there is a coin-
tegration relationship between the two series, there will be no false regression rela-
tionship between the series (Dikmen 2012: 321).

The Johansen cointegration test developed by Johansen (1988) and Johansen and 
Juselius (1990) is based on the VAR analysis in which series are at equal static level 
and a delay value (Tari and Yildirim 2009: 100). The model developed by Johansen 
(1988) is largely based on the relationship between the degree of a matrix and the 
characteristic roots of this matrix (Enders 2015: 374). The VAR model, on which 
the Johansen cointegration test is based, could be expressed as follows (Greene 
2012: 1006).

The existence of cointegration is tested by “trace statistics”. In the trace test, the 
null hypothesis suggesting that the cointegration vector is as much as “r” is tested. 
The trace statistics could be expressed as follows (Greene 2012: 1007).

3  Findings

The causality between the daily data of the tourism indices of the countries included 
in the analysis was tested with both Granger causality and Breitung and Candelon 
Frequency causality analyzes with the VIX index, which is an indicator of global 
risk appetite. Then, the Johansen cointegration test was used to see if the variables 
were co-integrated. Finally, FMOLS and DOLS analyzes were conducted to find out 
what effects the VIX index had on tourism indices. In this context, the descriptive 
statistics of both the logarithmic base data and the data on logarithmic change are 
given in Table 2.

When Table  2 is examined, it is seen that the highest volatility is VIX index, 
Spain and Greece tourism indexes respectively. When the average daily returns of 
the indices are evaluated, it is seen that the highest daily average returns are Finland, 
Sweden and US tourism indices respectively. In order to determine whether the VIX 

(10)R(�) =

[
cos (�) cos (2�) … cos (p�)

sin (�) sin (2�) … sin (p�)

]

(11)yt = �1yt−1 + �2yt−2 +⋯ + �pyt−p + �t

(12)�tr = −T

M∑
i=r+1

ln
[
1 −

(
r∗
i

)2]
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and tourism indices are static, ADF, PP and KPSS unit root tests were used. The test 
results are given in Table 3.

Table 3 presents the ADF, PP and KPSS unit root test results. Unlike the ADF 
and PP unit root tests, the null hypothesis of the KPSS test is established assuming 
that the relevant series are static. When the KPSS test results are evaluated, it is seen 
that all the variables in the fixed model contain unit root at the basic level. In the 
difference series, the null hypothesis suggesting that the unit root is present in the 
ADF and PP unit root tests was rejected at the significance level of 1%. The KPSS 
test results for the difference series were accepted as the null hypothesis suggesting 
that the series supported the ADF and PP tests. Therefore, the series were found not 
to have a unit root and the series were static. In this context, it could be stated that 
the related series have a tendency to return to the average. The tendency to return to 
mean reveals that the series could be estimated. Accordingly, the variance and aver-
age of the series are constant over time and causality analyzes could be performed 
on the respective series. Table 4 presents the Granger causality test results from the 
change in the VIX index to the change in tourism indices.

Table 2  Descriptive statistics

Variables Mean Maximum Minimum Standard deviation

logVIX 1.144276 1.610021 0.960946 0.095516
ΔlogVIX 0.0001 0.174157 − 0.148118 0.034204
logChina 3.870378 4.191974 3.671677 0.113618
ΔlogChina 0.000202 0.033514 − 0.079034 0.008858
logDenmark 3.030766 3.193425 2.872197 0.080697
ΔlogDenmark 0.000264 0.021974 − 0.036097 0.005070
logFinland 2.967819 3.364669 2.778260 0.140970
ΔlogFinland 0.000480 0.029326 − 0.032678 0.006286
logGreece 3.177077 3.361465 3.015532 0.076837
ΔlogGreece 0.000213 0.052852 − 0.069223 0.011621
logItalia 4.484148 4.657035 4.336921 0.073870
ΔlogItalia 0.000284 0.033481 − 0.028958 0.006149
logSpain 3.037070 3.234188 2.638679 0.077521
ΔlogSpain 0.000096 0.468375 − 0.457939 0.022397
logSri Lanka 3.506428 3.562739 3.447879 0.027737
ΔlogSri Lanka 0.000098 0.012058 − 0.011419 0.001930
logSwedish 3.266231 3.455962 2.985790 0.141872
ΔlogSwedish 0.000398 0.067483 − 0.030528 0.005521
logTurkey 3.787303 3.976397 3.633948 0.076202
ΔlogTurkey 0.000143 0.038199 − 0.063948 0.007995
logUK 3.891846 3.998922 3.718927 0.062167
ΔlogUK 0.000252 0.016072 − 0.032140 0.004335
logUSA 2.929214 3.070197 2.739904 0.077930
ΔlogUSA 0.000299 0.021158 − 0.023345 0.004402
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Table 4 shows that there is causality from the change in VIX index at 5% sig-
nificance level according to Granger causality test results from the change in tour-
ism indices of other countries except for the USA and Sri Lanka. In line with these 
findings, H1 was accepted for all countries except the US and Sri Lanka. According 
to the test results, the change in the VIX index is the Granger cause of the tourism 
index returns. In Table  5, Breitung and Candelon (2006) frequency causality test 
results are given.

According to the Breitung and Candelon (2006) casuality test results in Table 5, 
it was found that the cauality of the change in VIX index was permanent towards the 
changes in the tourism indices of Turkey, China, Denmark, England, Spain, Sweden, 
Italy and Greece, but the causality change towards the tourism index of Finland was 
temporary. Similar to the results of Granger causality analysis, no causal relation-
ship between the changes in the VIX index and the change in the tourism indices of 

Table 3  Unit root test results

Significant at, *%1, **% 5 significance level

Variables ADF PP KPSS

Constant Constant and 
trend

Constant Constant and 
trend

Constant Constant and 
trend

logVIX − 5.9505* − 6.2791* − 5.5088* − 5.8883* 0.9638* 0.5755*
ΔlogVIX − 34.8279* − 34.8124* − 38.5596* − 38.5496* 0.0274 0.0229
logChina − 1.1376 − 1.8515 − 1.2246 − 1.9626 2.4607* 0.4576*
ΔlogChina − 31.0438* − 31.0307* − 31.0132* − 30.9997* 0.0868 0.0896
logDenmark − 1.3551 − 2.5160 − 1.3369 − 2.5160 3.6654* 0.4646
ΔlogDenmark − 33.9029* − 33.8905* − 33.9092* − 33.8967* 0.0607 0.0629
logFinland 1.5515 − 0.3619 1.6478 − 0.2939 3.1287* 0.6094*
ΔlogFinland − 33.7640* − 33.9153* − 33.7798* − 33.9369* 0.6009 0.0999
logGreece − 2.7454 − 2.7332 − 2.5181 − 2.5033 0.4175* 0.4452*
ΔlogGreece − 20.0633* − 20.0582* − 33.7330* − 33.7272* 0.1049 0.0833
logItalia − 1.0694 − 1.6168 − 1.0838 − 1.6168 1.7811* 0.4528*
Δlogİtalia − 32.4909* − 32.4772* − 32.4886* − 32.4748* 0.1167 0.1075
logSpain − 2.2876 − 2.2744 − 3.1941 − 3.2006 0.5309** 0.3475*
ΔlogSpain − 43.5323* − 43.5506* − 44.6360* − 44.7108* 0.2096 0.1015
logSri Lanka − 1.0539 − 1.7160 − 1.2789 − 2.0605 2.7522* 0.5553*
ΔlogSri Lanka − 33.5857* − 33.5716* − 33.9977* − 33.9839* 0.0772 0.0725
logSwedish − 1.7151 − 1.5115 − 1.6991 − 1.5754 3.8159* 0.7501
ΔlogSwedish − 32.5526* − 32.5802* − 32.5819* − 32.6071* 0.2015 0.0504
logTurkey − 1.3463 − 2.4811 − 1.2738 − 2.4170 2.2261* 0.3493*
ΔlogTurkey − 35.7187* − 35.7165* − 35.6692* − 35.6681* 0.0870 0.0375
logUK − 2.0913 − 3.6372** − 2.0846 − 3.4578** 3.6822* 0.4738*
ΔlogUK − 25.1464* − 25.1583* − 32.2056* − 32.2363* 0.1358 0.0610
logUSA − 1.6675 − 3.1653 − 1.6562 − 3.0043 3.6914* 0.4791*
ΔlogUSA − 32.3822* − 32.3784* − 32.6682* − 32.6746* 0.1108 0.0633
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the US and Sri Lanka was found. The graphs of Breitung and Candelon frequency 
causality results are given in the “Appendix”. Hypothesis 2 was accepted for Tur-
key, China, Denmark, England, Spain, Sweden, Italy and Greece, but rejected for the 
other countries.

The dependent variable VIX index was used as an independent variable in 
Table 6, and the results of FMOLS and DOLS analysis performed to determine the 
direction of the cointegration relationship between variables with Johansen cointe-
gration test was given.

Table 4  Granger causality results

The lag lengths are determined according to Akaike information criteria
Significant at, *%1, **% 5 significance level

Direction of causality F statistics Probability value Lags Result

ΔlogVIX → ΔlogChina 5.3946* 0.0011 3 Granger causality exists
ΔlogVIX → ΔlogDenmark 5.8014* 0.0006 3 Granger causality exists
ΔlogVIX → ΔlogFinland 3.0532** 0.0476 2 Granger causality exists
ΔlogVIX → ΔlogGreece 4.3565* 0.0006 5 Granger causality exists
ΔlogVIX → ΔlogItalia 2.5023** 0.0409 4 Granger causality exists
ΔlogVIX → ΔlogSpain 7.1096* 0.0000 4 Granger causality exists
ΔlogVIX → ΔlogSri Lanka 

H&T
0.9129 0.5129 9 Granger causality does not exist

ΔlogVIX → ΔlogSwedish 7.6921* 0.0000 3 Granger causality exists
ΔlogVIX → ΔlogTurkey 3.2058** 0.0225 5 Granger causality exists
ΔlogVIX → ΔlogUK 8.8529* 0.0000 4 Granger causality exists
ΔlogVIX → ΔlogUSA 0.9983 0.3928 3 Granger causality does not exist

Table 5  Causality results of Breitung Candelon frequency

The lag lengths are determined according to Akaike information criteria
Significant at, *%1, **% 5 significance level

Direction of causality Permanent Temporary
w = 0.5 w = 2.5

ΔlogVIX → ΔlogChina 17.1306* (0.0001) 1.3557 (0.5076)
ΔlogVIX → ΔlogDenmark 11.5153* (0.0031) 10.9763* (0.0041)
ΔlogVIX → ΔlogFinland 3.7467 (0.1536) 6.8510** (0.0325)
ΔlogVIX → ΔlogGreece 20.6343* (0.0000) 6.6419** (0.0361)
ΔlogVIX → ΔlogItalia 6.6672** (0.0356) 8.4534** (0.0146)
ΔlogVIX → ΔlogSpain 10.7181* (0.0047) 5.0485 (0.0801)
ΔlogVIX → ΔlogSri Lanka 2.4731 (0.2903) 2.2033 (0.3323)
ΔlogVIX → ΔlogSwedish 16.9008* (0.0002) 19.5104* (0.0001)
ΔlogVIX → ΔlogTurkey 8.6493** (0.0132) 9.2034* (0.0100)
ΔlogVIX → ΔlogUK 23.6778* (0.0000) 22.7285* (0.0000)
ΔlogVIX → ΔlogUSA 2.4542 (0.2931) 0.4125 (0.8136)
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When the Johansen cointegration test results in Table  6 were evaluated, it was 
found that there was a long-term relationship between the change in VIX and the 
change in tourism indices; in other words, they are cointegrated. In line with this 
information, H3 was accepted for all country indices. As a result of the FMOLS and 
DOLS analysis conducted to find out the direction of the relationship between the 
variables, it was seen that there was an inverse relationship between the change in 
VIX and the change in the tourism indices of other countries except for China and 
Sweden tourism indices. In other words, it was seen that the increase in VIX caused 
a decrease in tourism indices which is in line with the expectations. As a matter 
of fact, the increase in the VIX index indicates that fear increases in global mar-
kets and investors’ risk appetite decreases. Increasing fear in this context will reduce 
the appetite of investors for investing in stock markets. The results of FMOLS and 
DOLS conducted to find out the relationship between China, Sweden and Sri Lanka 
tourism indices and VIX were insignificant at 5% significance level. In addition, the 
tourism indices which were affected by VIX were found to be respectively the tour-
ism indices of Greece, Finland, Italy, Spain, Turkey, United Kingdom, Denmark and 
the United States.

4  Discussion and suggestions

In recent time, increasing globalization, financial markets have started to integrate 
rapidly into one another. As a result of this integration, the volatility arising in any 
of the financial markets have the potential of affecting the other financial markets. 
This relationship, which is called as financial contagion, generally occurs and mostly 
spread from the developed countries to the developing countries. In this context, the 
volatility in the markets of the developed countries should be closely monitored.

The VIX is accepted as the most followed volatility indicator in financial markets. 
The VIX which is also named as the fear index, affects the global financial indica-
tors of many countries. In this context, the aim of this study is to find out whether 
the VIX fear index affects the returns of the firms operating in the tourism sector. 
The study considered the VIX fear index and the monthly data regarding the tour-
ism indices of 11 countries. By using the Granger (1969) causality, Breitung and 
Candelon frequency causality, Johansen cointegration and DOLS and FMOLS tech-
niques, tests were used to test the relationship between the variables

As a result of the Granger (1969) causality analysis, the change in VIX index was 
found to have casual relationship towards the changes in the stock exchange indices 
of China, Denmark, Finland, Greece, Italia, Spain, Swedish, Turkey and UK. For 
Sri Lanka and the United States, there is no significant evidence of causal relation-
ship found. The lack of casual relationship for Sri Lanka could be because that it is a 
relatively underdeveloped country with the characteristic and unusual domestic stock 
market. The lack of casual relationship for the USA could be related to the methodol-
ogy used since the calculation of VIX fear index was based on S&P 500 US options. 
According to the results of frequency causality analysis, it was found that the change 
in VIX index had permanent casual relationship towards the changes in the tourism 
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indices of China, Denmark, Greece, Italia, Spain, Swedish, Turkey and UK, but the 
casuality towards the changes in the index of Finland was found to be temporary.

Similar to the results of Granger causality analysis, there was no causal relationship 
between the changes in the VIX index and the change in tourism indices of Sri Lanka 
and USA. According to the results of the cointegration analysis, there is a long-term 
relationship between the VIX fear index and the tourism indices of the countries, and 
this relationship was found to be inverse according to the DOLS and FMOLS test. In 
other words, the increase in the VIX index results decreases the return in the tourism 
indices.

When the results were evaluated together, the fact that the VIX fear index affects the 
tourism stock indexes of the countries is in line with the market expectations. As a mat-
ter of fact, the increase in VIX means there has been an increase in the fear of global 
markets, and this increase affects both the investment decisions of the investors and the 
consumption preferences of the consumers. When the volatility in the market increases, 
investors avoid investing in stocks, which is one of the most affected investment tools in 
such volatilities (Whaley 2000: 17).

On the other hand, due to the volatility in the financial markets, consumers will be 
able to assess the possibility of the crisis and limit their consumption expenditures. In 
this context, the first cut in consumption expenditures will occur in holiday expendi-
tures which has high demand elasticity (Song et al. 2010: 378). The best example of 
this is that the 2008 global crisis, which caused high volatility in the markets, caused 
great reductions in tourism revenues (Papatheodorou et al. 2010: 39).

The behaviour of the investors, as well as the behaviour of the consumers, will cause 
a decrease in the value of tourism stocks. In line with this information, it could be said 
that the VIX fear index had general effects on the stocks of tourism companies. Under 
the light of all this information, it could be said that the VIX fear index has a general 
effect on the stocks of tourism companies.

As a result of the study, investors are suggested to follow the VIX fear index along 
with micro and macroeconomic factors in their investment decisions before they make 
any investment in tourism companies. For the tourism companies, it is advisable to fol-
low the changes in the VIX fear index along with macroeconomic factors in their future 
projections and plans. The analysis in this study was conducted on a limited number of 
countries. It is thought that involving data from more countries and employing more 
sophisticated methods will contribute to the relevant literature in terms of the generali-
zation of the results.

Appendix

See Fig. 3.
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Fig. 3  Graphs of Breitung and Candelon frequency causality analysis



230 S. Akdağ et al.

1 3

References

Akadiri, S.S., Lasisi, T.T., Uzuner, G., Akadiri, A.C.: Examining the causal impacts of tourism, globali-
zation, economic growth and carbon emissions in tourism island territories: bootstrap panel Granger 
causality analysis. Curr. Issues Tour. 1–15 (2018)

Alola, A.A., Alola, U.V.: Agricultural land usage and tourism impact on renewable energy consumption 
among Coastline Mediterranean Countries. Energy Environ. 29(8), 1438–1454 (2018)

Alola, A.A., Uzuner, G.: The housing market and agricultural land dynamics: Appraising with Economic 
Policy Uncertainty Index. Int. J. Finance Econ. (2019)

Alola, A.A., Alola, U.V.: The dynamics of tourism—refugeeism on house prices in Cyprus and Malta. J. 
Int. Migr. Integr. 20(2), 521–536 (2019)

Alola, U.V., Alola, A.A., Avci, T., Ozturen, A.: Impact of corruption and insurgency on tourism perfor-
mance: a case of a developing country. Int. J. Hosp. Tour. Admin. 1–17 (2019a)

Alola, U.V., Cop, S., Adewale Alola, A.: The spillover effects of tourism receipts, political risk, real 
exchange rate, and trade indicators in Turkey. Int. J. Tour. Res. (2019b)

Asteriou, D., Hall, S.G.: Applied Econometrics, 2nd edn. Macmillan International Higher Education, 
London (2011)

Başoğlu, U., Ceylan, A., Parasız, İ.: Finans: Teori, Kurum Ve Araçlar. Ekin Basım Yayım Dağıtım (2009)
Beeton, S.: Horseback tourism in Victoria, Australia: cooperative, proactive crisis management. Curr. 

Issues Tour. 4(5), 422–439 (2001)
Bilen, M., Yilanci, V., Eryüzlü, H.: Tourism development and economic growth: a panel granger causal-

ity analysis in the frequency domain. Curr. Issues Tour. 20(1), 27–32 (2017)
Bloomberg. World Stock Exchanges (2018). https ://www.bloom bergh t.com/Borsa /Dunya -Borsa lari. 

Accessed 2 June 2018
Bodart, V., Candelon, B.: Evidence of interdependence and contagion using a frequency domain frame-

work. Emerg. Mark.Rev. 10(2), 140–150 (2009)
Breitung, J.Ve, Candelon, B.: Testing for short and long-run causality: a frequency domain approach. J. 

Econom. 132(2), 363–378 (2006)

Fig. 3  (continued)

https://www.bloomberght.com/Borsa/Dunya-Borsalari


231

1 3

Does VIX scare stocks of tourism companies?  

CBOE (2018) Chicago Board Options Exchange. http://www.cboe.com/Vix, Accessed 7 Apr 2018
CNBC. Stock Markets (2018). https ://www.cnbc.com/marke ts/. Accessed 8 June 2018
Chen, J., Jiang, F., Liu, Y., Tu, J.: International volatility risk and chinese stock return predictability. J. 

Int. Money Finance 70, 183–203 (2017)
Ciner, Ç.: Eurocurrency interest rate linkages: a frequency domain analysis. Int. Rev. Econ. Finance 

20(4), 498–505 (2011)
Demir, E., Ersan, O.: The impact of economic policy uncertainty on stock returns of Turkish tourism 

companies. Curr. Issues Tour. 21(8), 847–855 (2018)
Demir, E., Alıcı, Z.A., Chi Keung Lau, M.: Macro explanatory factors of Turkish tourism companies’ 

stock returns. Asia Pac. J. Tour. Res. 22(4), 370–380 (2017)
Dickey, D.A., Fuller, W.A.: Likelihood ratio statistics for autoregressive time series with a unit root. 

Econometrica 1057–1072 (1981)
Dikmen, N.: Ekonometri: Temel Kavramlar Ve Uygulamalar. Dora Basım Yayım Dağ. Ltd. Şti, Bursa 

(2012)
Emhan, A.: Risk Yönetim Süreci Ve Risk Yönetmekte Kullanılan Teknikler. Atatürk Üniversitesi İktisadi 

Ve İdari Bilimler Dergisi 23(3), 209–220 (2009)
Enders, W.: Applied Econometric Time Series, 4th edn. Wiley, Hoboken (2015)
Erdoğdu, Ö.G.D.H., Baykut, A.G.E.: BIST Banka Endeksi’nin (XBANK) VIX Ve MOVE Endeksleri İle 

İlişkisinin Analizi. Türkiye Bankalar Birliği Bankacılar Dergisi 98, 57–72 (2016)
Fabozzi, F.J., Focardi, S.M., Rachev, S.T., Arshanapalli, B.G.: The Basics of Financial Econometrics: 

Tools, Concepts, and Asset Management Applications. Wiley, Hoboken (2014)
Fountain, R.L., Herman Jr., J.R., Rustvold, D.L.: An application of Kendall distributions and alternative 

dependence measures: SPX vs. VIX. Insur. Math. Econ. 42(2), 469–472 (2008)
Geweke, J.: Measurement of linear dependence and feedback between multiple time series. J. Am. Stat. 

Assoc. 77(378), 304–313 (1982)
Granger, C.W.: Causality, cointegration, and control. J. Econ. Dyn. Control 12(2–3), 551–559 (1988)
Granger, C.W., Newbold, P.: Spurious regressions in econometrics. J. Econom. 2(2), 111–120 (1974)
Granger, C.W.: Investigating causal relations by econometric models and cross-spectral methods. Econo-

metrica 424–438 (1969)
Greene, W.: Econometric Analysis, 7th edn. Pearson Education Limited, London (2012)
Gujarati, D.N., Porter, D.C. (Çev. Şenesen, Ü., & Günlük-Şenesen, G.): Temel Ekonometri. İstanbul: Lit-

eratür Yayıncılık (2012)
Hassan, M. K. Maroney, N. C., El-Sady, H. M., Telfah, A.: Country risk and stock market volatility, pre-

dictability, and diversification in the Middle East and Africa. Econ. Syst. 27(1), 63–82 (2003)
Heinonen, A.: The fear gauge–VIX volatility index and the time-varying relationship between implied 

volatility and stock returns. Doctoral dissertation (2013)
Hosoya, Y.: The decomposition and measurement of the interdependency between second-order static 

processes. Probab. Theory Relat. Fields 88(4), 429–444 (1991)
Huang, T.C., Wang, K.Y.: Investors’ fear and herding behavior: evidence from the Taiwan Stock Market. 

Emerg. Mark. Finance Trade 53(10), 2259–2278 (2017)
Investing, World Indices (2018). https ://www.inves ting.com/İndice s/World -Indic es. Accessed 2 June 

2018
İskenderoğlu, Ö., Akdağ, S.: VIX Korku Endeksi İle Çeşitli Ülkelerin Hisse Senedi Endeks Getirileri 

Arasında Bir Nedensellik Analizi, pp. 556–570. Uluslararası Ekonomi Araştırmaları ve Finansal 
Piyasalar Kongresi, Kapadokya (2018)

Johansen, S.: Statistical analysis of cointegration vector. J. Econ. Dyn. Control 12, 231–254 (1988)
Johansen, S., Juselius, K.: Maximum likelihood estimation and inference on cointegration—with applica-

tions to the demand for money. Oxf. Bull. Econ. Stat. 52(2), 169–210 (1990)
Kaya, E.: Borsa Istanbul (BIST) 100 Endeksi İle Zimni Volatilite (VIX) Endeksi Arasindaki Es-Bütün-

lesme Ve Granger Nedensellik/Cointegration and Granger Causality Between Implied Volatility 
(VIX) Index and Istanbul Stock Exchange (BIST) 100 Index. Sosyal Ve Ekonomik Arastırmalar 
Dergisi 17(28), 1 (2015)

Koçel, T.: İşletme Yöneticiliği (Yönetim Ve Organizasyon, Organizasyonlarda Davranış, Klasik-Modern-
Çağdaş Ve Güncel Yaklaşımlar) 17. Baskı. Beta Yayınevi, İstanbul (2018)

Korkmaz, T., Çevık, E.İ.: Zımni Volatilite Endeksinden Gelişmekte Olan Piyasalara Yönelik Volatilite 
Yayılma Etkisi. J. BRSA Bank. Financ. Mark. 3(2), 87–105 (2009)

Kratschell, K., Schmidt, T.: Long-run trends or short-run fluctuations—what establishes the correlation 
between oil and food prices? Ruhr Econ. Pap. 357, 3–19 (2012)

http://www.cboe.com/Vix
https://www.cnbc.com/markets/
https://www.investing.com/%c4%b0ndices/World-Indices


232 S. Akdağ et al.

1 3

Kula, V., Baykut, E.: Borsa İstanbul kurumsal yönetim endeksi (XKURY) ile korku endeksi (Chicago 
Board Options Exchange Volatility Index-VIX) arasındaki ilişkinin analizi.  Afyon Kocatepe Üni-
versitesi İktisadi ve İdari Bilimler Fakültesi Dergisi, 19(2), 27–37 (2017)

Kwiatkowski, D., Phillips, P.C.B., Schmidt, P., Shin, Y.: Testing the full hypothesis of static against the 
alternative of a unit root. J. Econom. 54, 159–178 (1992)

Nelson, C.R., Plosser, C.R.: Trends and random walks in macroeconomic time series: some evidence and 
implications. J. Monet. Econ. 10, 139–162 (1982)

Ozair, M.: What does the VIX actually measure? An analysis of the causation of SPX and VIX. ACRN J. 
Finance Risk Perspect. 3(2), 83–132 (2014)

Papatheodorou, A., Rosselló, J., Xiao, H.: Global economic crisis and tourism: consequences and per-
spectives. J. Travel Res. 49(1), 39–45 (2010)

Perles-Ribes, J.F., Ramón-Rodríguez, A.B., Rubia-Serrano, A., Moreno-Izquierdo, L.: Economic crisis 
and tourism competitiveness in Spain: permanent effects or transitory shocks? Curr. Issues Tour. 
19(12), 1210–1234 (2016)

Phillips, P.C.B., Perron, P.: Testing for a unit root in time series regression. Biometrika 75, 335–346 
(1988)

Saint Akadiri, S., Alola, A.A., Akadiri, A.C.: The role of globalization, real income, tourism in environ-
mental sustainability target. Evidence from Turkey. Sci. Total Environ. 687, 423–432 (2019)

Sarwar, G.: An empirical investigation of the premium for volatility risk in currency options for the Brit-
ish pound. Appl. Financ. Econ. 12(12), 913–921 (2002)

Sarwar, G.: Is VIX an investor fear gauge in BRIC equity markets? J. Multinatl. Financ. Manag. 22(3), 
55–65 (2012)

Sarwar, G., Khan, W.: The effect of US stock market uncertainty on emerging market returns. Emerg. 
Mark. Finance Trade 53(8), 1796–1811 (2017)

Sevüktekin, M., Nargeleçekenler, M.: Ekonometrik Zaman Serileri Analizi: Eviews Uygulamalı. Nobel 
Yayın Dağıtım, Ankara (2007)

Song, H., Kim, J.H., Yang, S.: Confidence intervals for tourism demand elasticity. Ann. Tour. Res. 37(2), 
377–396 (2010)

Tarı, R., Yıldırım, D.Ç.: Döviz Kuru Belirsizliğinin İhracata Etkisi: Türkiye İçin Bir Uygulama. Yönetim 
Ve Ekonomi: Celal Bayar Üniversitesi İktisadi Ve İdari Bilimler Fakültesi Dergisi 16(2), 95–105 
(2009)

Turizm, Data Bank (2018). http://www.turiz mdata bank.com/Turiz m-İstati stikl eri/En-Cok-Turis t-Ceken 
-Ulkel er. Accessed 12 Dec 2018

Wang, J.: Foreign equity trading and emerging market volatility: evidence from Indonesia and Thailand. 
J. Dev. Econ. 84(2), 798–811 (2007)

Whaley, R.E.: The investor fear gauge. J. Portf. Manag. 26(3), 12–17 (2000)
Xin, M.: The VIX volatility index, U.U.D.M. project report 2011:7, pp. 1–50 (2011)
Yanfeng, W.: The dynamic relationships between oil prices and the Japanese economy: a frequency 

domain analysis. Rev. Econ. Finance 3, 57–67 (2013)
Yao, F., Hosoya, Y.: Inference on one-way effect and evidence in Japanese macroeconomic data. J. 

Econom. 98(2), 225–255 (2000)
Yule, G.U.: Why do we sometimes get nonsense-correlations between time-series? A study in sampling 

and the nature of time-series. J. R. Stat. Soc. 89(1), 1–63 (1926)

Publisher’s Note Springer Nature remains neutral with regard to jurisdictional claims in published 
maps and institutional affiliations.

http://www.turizmdatabank.com/Turizm-%c4%b0statistikleri/En-Cok-Turist-Ceken-Ulkeler
http://www.turizmdatabank.com/Turizm-%c4%b0statistikleri/En-Cok-Turist-Ceken-Ulkeler

	Does VIX scare stocks of tourism companies?
	Abstract
	1 Introduction
	2 Data and methodology
	3 Findings
	4 Discussion and suggestions
	References




